
Top 3 Uses of
Predictive Analytics in 
Merchandising Decisions
Retailers need answers to the question ‘What is likely to happen next?’ if they are to manage 

smart, customer-centric merchandising decisions.
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A shopper in your store does not particularly want to see shelves loaded with a dozen brands of peanut butter or an overkill 
of granola bars. What he needs instead are smart, lean assortments, the brands he is looking for and the colours and styles 
that work for him.

The critical question here is how can a retailer know what will work and what will not?

Referred to as the scientific equivalent of the proverbial crystal ball, predictive analytics is the way forward for retailers 
to shift focus from a rear-view mirror approach to a radically different, forward-looking approach – in sales and 
merchandising.

Every-time a customer browses your website, makes a call to your contact-center, downloads an app, searches for one of 
your stores, uses a loyalty card, redeems an offer or orders a product via his smartphone – he leaves behind a wealth of 
personal information about himself with you.

These should form the basis for in-depth data mining, analytics, demand planning and forecasts – the foundation for 
predictive analytics.

It helps you get answers to questions such as:

Given its tremendous potential, you will be surprised at the so few numbers of retailers that use predictive analytics to their
advantage.

Here are the top 3 ways in which predictive techniques are adding value to retail merchandising models:

‘You may also like our new pepper salami’: Recommendation Engines that Personalize the Experience

Product recommendations and decision engines are an area of predictive analytics that has emerged as a winner in the past 

based on predictive models. They changed the customer 

for each product bought or page visited.

Having sold a product to a customer at a low price and shipped it 
to them at an even lower cost, Amazon suggests that they buy 

recommendations – which they claim are a perfect fit with their 

recommendations based on search history and previous purchase 
of each customer.

Accurate and data-backed product recommendations have also 
helped traditional, brick-and-mortar retailers to improve sales and 
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customers based on their profile, purchase history and food interests. They closely tracked customer spending in specific 
categories such as breakfast or cold cuts and offered timely offers and recommendations to ensure the spending did not dip. 

Knowing that pastel palettes will be hot next spring: The right buying decisions

inputs on how different product types, styles and colours worked 

waiting to hear the verdict from the market. These delays can have 
a far-reaching effect on retail bottom lines, particularly for short 
life-cycle product retailers in the fashion, consumer-electronics, 
books and music industries.

Predictive models and forecasts based on early sales data are the 
smart and scientific way out of this challenge. It can form a scientific 
basis for decisions on production, buying and assortment planning 

colours that you should be looking to buy.

data to predict future demand for their clothes lines. Their buyers analyze early sales trends of every product at regular 
intervals in the sales cycle and follow this through by immediately reordering items that appear to be fast moving. They also 

Left, Right or Centre Aisle: Spacing and Layout Decisions based on Predictive Models

Retail analytics and emerging retail technologists are using a wealth 
of real-time, streaming data from multiple touch-points to gain 
insights into an altogether new area of the retail store – store layouts 
and shopper navigation. RFID tags on shopping carts (to track 

techniques such as Market Basket Analysis are helping retailers to 
piece together the puzzle on how shoppers go about their shopping 
path and why they buy what they do. Many retail researchers are 
creating agent-based models of supermarkets with virtual shoppers 
and simulations. For instance, simulated studies show that the 
average time a customer spends on buying milk is five seconds, 

predictive computer model to improve the layout of its supermarket 

and wait times at checkout counters. It enabled the retailer to test out different layouts – such as relocating the frozen food

store congestion without actually affecting store operations.



customers based on their profile, purchase history and food interests. They closely tracked customer spending in specific 
categories such as breakfast or cold cuts and offered timely offers and recommendations to ensure the spending did not dip. 

Knowing that pastel palettes will be hot next spring: The right buying decisions

inputs on how different product types, styles and colours worked 

waiting to hear the verdict from the market. These delays can have 
a far-reaching effect on retail bottom lines, particularly for short 
life-cycle product retailers in the fashion, consumer-electronics, 
books and music industries.

Predictive models and forecasts based on early sales data are the 
smart and scientific way out of this challenge. It can form a scientific 
basis for decisions on production, buying and assortment planning 

colours that you should be looking to buy.

data to predict future demand for their clothes lines. Their buyers analyze early sales trends of every product at regular 
intervals in the sales cycle and follow this through by immediately reordering items that appear to be fast moving. They also 

Left, Right or Centre Aisle: Spacing and Layout Decisions based on Predictive Models

Retail analytics and emerging retail technologists are using a wealth 
of real-time, streaming data from multiple touch-points to gain 
insights into an altogether new area of the retail store – store layouts 
and shopper navigation. RFID tags on shopping carts (to track 

techniques such as Market Basket Analysis are helping retailers to 
piece together the puzzle on how shoppers go about their shopping 
path and why they buy what they do. Many retail researchers are 
creating agent-based models of supermarkets with virtual shoppers 
and simulations. For instance, simulated studies show that the 
average time a customer spends on buying milk is five seconds, 

predictive computer model to improve the layout of its supermarket 

and wait times at checkout counters. It enabled the retailer to test out different layouts – such as relocating the frozen food

store congestion without actually affecting store operations.

© Manthan. All rights reserved.

customers based on their profile, purchase history and food interests. They closely tracked customer spending in specific 
categories such as breakfast or cold cuts and offered timely offers and recommendations to ensure the spending did not dip. 

Knowing that pastel palettes will be hot next spring: The right buying decisions

inputs on how different product types, styles and colours worked 

waiting to hear the verdict from the market. These delays can have 
a far-reaching effect on retail bottom lines, particularly for short 
life-cycle product retailers in the fashion, consumer-electronics, 
books and music industries.

Predictive models and forecasts based on early sales data are the 
smart and scientific way out of this challenge. It can form a scientific 
basis for decisions on production, buying and assortment planning 

colours that you should be looking to buy.

data to predict future demand for their clothes lines. Their buyers analyze early sales trends of every product at regular 
intervals in the sales cycle and follow this through by immediately reordering items that appear to be fast moving. They also 

Left, Right or Centre Aisle: Spacing and Layout Decisions based on Predictive Models

Retail analytics and emerging retail technologists are using a wealth 
of real-time, streaming data from multiple touch-points to gain 
insights into an altogether new area of the retail store – store layouts 
and shopper navigation. RFID tags on shopping carts (to track 

techniques such as Market Basket Analysis are helping retailers to 
piece together the puzzle on how shoppers go about their shopping 
path and why they buy what they do. Many retail researchers are 
creating agent-based models of supermarkets with virtual shoppers 
and simulations. For instance, simulated studies show that the 
average time a customer spends on buying milk is five seconds, 

predictive computer model to improve the layout of its supermarket 

and wait times at checkout counters. It enabled the retailer to test out different layouts – such as relocating the frozen foods 

store congestion without actually affecting store operations.

White paper

customers based on their profile, purchase history and food interests. They closely tracked customer spending in specific 
categories such as breakfast or cold cuts and offered timely offers and recommendations to ensure the spending did not dip. 

Knowing that pastel palettes will be hot next spring: The right buying decisions

inputs on how different product types, styles and colours worked 

waiting to hear the verdict from the market. These delays can have 
a far-reaching effect on retail bottom lines, particularly for short 
life-cycle product retailers in the fashion, consumer-electronics, 
books and music industries.

Predictive models and forecasts based on early sales data are the 
smart and scientific way out of this challenge. It can form a scientific 
basis for decisions on production, buying and assortment planning 

colours that you should be looking to buy.

data to predict future demand for their clothes lines. Their buyers analyze early sales trends of every product at regular 
intervals in the sales cycle and follow this through by immediately reordering items that appear to be fast moving. They also 

Left, Right or Centre Aisle: Spacing and Layout Decisions based on Predictive Models

Retail analytics and emerging retail technologists are using a wealth 
of real-time, streaming data from multiple touch-points to gain 
insights into an altogether new area of the retail store – store layouts 
and shopper navigation. RFID tags on shopping carts (to track 

techniques such as Market Basket Analysis are helping retailers to 
piece together the puzzle on how shoppers go about their shopping 
path and why they buy what they do. Many retail researchers are 
creating agent-based models of supermarkets with virtual shoppers 
and simulations. For instance, simulated studies show that the 
average time a customer spends on buying milk is five seconds, 

predictive computer model to improve the layout of its supermarket 

and wait times at checkout counters. It enabled the retailer to test out different layouts – such as relocating the frozen foods 

store congestion without actually affecting store operations.



categories such as breakfast or cold cuts and offered timely offers and recommendations to ensure the spending did not dip. 

intervals in the sales cycle and follow this through by immediately reordering items that appear to be fast moving. They also 

s 

customers in the store meant a drop in wine sales as fewer customers wanted to make their way to the wine section located 
at a far corner, when the store was crowded.

Futuristic Predictive Models in the Retail Industry

Predictive analytics and simulated models are being used by 
retailers in many other intriguing ways to help align offerings more 

in-store kiosk that predicts the products and recipes a shopper is 

based on face scanning and video analytics. The kiosk also uses 
smartphone-enabled barcode scanners to help customers plan 
shopping lists and saves recipe ideas for future reference.

Predictive models are also helping retailers to match their promotion 

advanced analytics to reams of customer data to predict in 

favourite products and most purchased items as they check out their purchases at the store.

Effective predictive analytics is increasingly an essential tool for retailers to answer the question ‘What is likely to happen

Are you one of those retailers making merchandising decisions based on guesstimates? If yes, perhaps you should rely more 
on predictive analytics to chart your future course of action.

ARC Merchandising Analytics from Manthan

Manthan helps you take uncertainty out of daily decisions with analytics-driven recommendations for every critical business 
process - assortment and price tuning, inventory management, category assessment, store performance and more. ARC 
Merchandise Analytics ensures that you do it right - from product placement and pricing, to timing and quantities; all offered 
to your customers through the right channel. Every decision can now be based on an informed analysis of product, category 
and store performance; leaving you with a lot of possibilities, but never a doubt.

customers in the store meant a drop in wine sales as fewer customers wanted to make their way to the wine section located 
at a far corner, when the store was crowded.

Futuristic Predictive Models in the Retail Industry

Predictive analytics and simulated models are being used by 
retailers in many other intriguing ways to help align offerings more 

in-store kiosk that predicts the products and recipes a shopper is 

based on face scanning and video analytics. The kiosk also uses 
smartphone-enabled barcode scanners to help customers plan 
shopping lists and saves recipe ideas for future reference.

Predictive models are also helping retailers to match their promotion 

advanced analytics to reams of customer data to predict in 

favourite products and most purchased items as they check out their purchases at the store.

Effective predictive analytics is increasingly an essential tool for retailers to answer the question ‘What is likely to happen 

Are you one of those retailers making merchandising decisions based on guesstimates? If yes, perhaps you should rely more 
on predictive analytics to chart your future course of action.

ARC Merchandising Analytics from Manthan

Manthan helps you take uncertainty out of daily decisions with analytics-driven recommendations for every critical business 
process - assortment and price tuning, inventory management, category assessment, store performance and more. ARC 
Merchandise Analytics ensures that you do it right - from product placement and pricing, to timing and quantities; all offered 
to your customers through the right channel. Every decision can now be based on an informed analysis of product, category 
and store performance; leaving you with a lot of possibilities, but never a doubt.

customers in the store meant a drop in wine sales as fewer customers wanted to make their way to the wine section located 
at a far corner, when the store was crowded.

Futuristic Predictive Models in the Retail Industry

Predictive analytics and simulated models are being used by 
retailers in many other intriguing ways to help align offerings more 

in-store kiosk that predicts the products and recipes a shopper is 

based on face scanning and video analytics. The kiosk also uses 
smartphone-enabled barcode scanners to help customers plan 
shopping lists and saves recipe ideas for future reference.

Predictive models are also helping retailers to match their promotion 

advanced analytics to reams of customer data to predict in 

favourite products and most purchased items as they check out their purchases at the store.

Effective predictive analytics is increasingly an essential tool for retailers to answer the question ‘What is likely to happen 

Are you one of those retailers making merchandising decisions based on guesstimates? If yes, perhaps you should rely more 
on predictive analytics to chart your future course of action.

ARC Merchandising Analytics from Manthan

Manthan helps you take uncertainty out of daily decisions with analytics-driven recommendations for every critical business 
process - assortment and price tuning, inventory management, category assessment, store performance and more. ARC 
Merchandise Analytics ensures that you do it right - from product placement and pricing, to timing and quantities; all offered 
to your customers through the right channel. Every decision can now be based on an informed analysis of product, category 
and store performance; leaving you with a lot of possibilities, but never a doubt.

About Manthan
Manthan is the Chief Analytics Officer for consumer industries worldwide. Manthan's portfolio of analytics-enabled 
business applications, advanced analytics platforms and solutions are architected to help users across industries 

to profit in a contemporary, on-demand and connected economy. Manthan is one of the most awarded analytics 

business can gain from analytics, visit www.manthan.com.
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